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Introduction

Stability Al welcomes the opportunity to comment on the United States Copyright Office (USCO)
inquiry on artificial intelligence (Al) and copyright. As a leading developer of generative Al models
across a range of modalities, Stability Al is dedicated to the safe, open, and responsible
deployment of these emerging technologies. Al is a tool that can help to unlock creativity, drive
innovation, and open up new economic opportunities across the United States. However, as with
any groundbreaking technology, Al raises important questions about the integration of these
tools into the digital economy.

We support public scrutiny of these important issues, and we are pleased to share our
experiences and perspectives to date. To that end, in July, Stability Al testified at a hearing of the
Senate Judiciary Subcommittee on Intellectual Property, in addition to USCO listening sessions.’
Among other things, we urged Congress to preserve the permissive fair use doctrine and the
culture of “open learning” that made Al possible, helps to make it safer, and continues to
underpin U.S. leadership in Al. In August, Stability Al participated in a groundbreaking initiative to
evaluate Al models through community-led testing.? In September, the White House announced
that Stability Al has joined President Biden’s Voluntary Al Commitments, which include a number
of measures to promote transparency in the dissemination of Al-generated content.?

We believe that Al development is an acceptable, transformative, and socially-beneficial use of
existing content that is protected by fair use and furthers the objectives of copyright law,
including to “promote the progress of science and useful arts”.* Al models have creative, analytic,
and scientific applications that extend far beyond “push a button, get an image” or “push a
button, get a poem”. These models will transform the delivery of essential services, from medical
advice to personalized tutoring; drive breakthroughs in scientific research; revolutionize how we
search and access information online; and support knowledge management, analysis, or
decision-making in some of our most important public and private institutions. Further, we believe
that existing law offers adequate safeguards against the infringing use of Al tools, although we
have urged policymakers to fortify, where necessary, the rules governing improper use of
physical or vocal likeness.

However, we recognize the concern among some creators about the development and
deployment of these technologies. We are committed to an open and constructive dialogue with

'U.S. Senate Judiciary Committee, Subcommittee on Intellectual Property, July 2023, available here. See
also United Kingdom House of Lords, Communications and Digital Select Committee, September 2023,
available here (written) and here (oral). Stability Al participated in early USCO listening sessions in relation
to Al and copyright.

2 White House, ‘Administration Announces New Actions to Promote Responsible Al Innovation’, May 2023.
3 White House, ‘Biden-Harris Administration Secures Voluntary Commitments from Eight Additional Artificial
Intelligence Companies to Manage the Risks Posed by Al’, September 2023.

4 U.S. Constitution, Article |, Section 8, Clause 8.


https://www.judiciary.senate.gov/artificial-intelligence-and-intellectual-property_part-ii-copyright
https://committees.parliament.uk/writtenevidence/124356/pdf/
https://parliamentlive.tv/event/index/d3aca5dd-31d2-4f72-af7d-95a4c9933d66

the creator community, and we are actively working to address these concerns through
technology, standards, and good practices.

Background

Stability Al is a global company that aims to unlock humanity’s potential by making foundational
Al technology accessible to all. Today, Stability Al develops a variety of Al models across different
modalities, including image, language, audio, and video. These models are essentially software
programs that analyze vast datasets to learn the hidden relationships between words, ideas, and
fundamental textual or visual features. Such models are commonly described as “generative” Al
because they can apply this knowledge to help a user generate new content.

With appropriate safeguards, we release many of these models openly, sharing the software
code along with the distinctive settings or “parameters” that define the model’s performance.
That means everyday developers and independent researchers can freely integrate or adapt our
models to develop their own Al models, build their own Al tools, or start their own Al ventures,
subject to ethical use licenses.®

Why we develop open models

With appropriate safeguards, open models can help to improve safety through transparency,
foster competition in critical technology, and support grassroots innovation.

1. Promote safety through transparency. Al models will form the backbone of our digital
economy, and everyone should have a voice in their design. By releasing open models,
researchers, authorities, and developers can “look under the hood” to verify the safety,
performance, and suitability of these models. They can identify potential risks, develop
new interpretability techniques, and help implement new mitigations. Because these
models are auditable and freely customizable, firms and public agencies can build on
open models to produce their own specialized models for critical tasks.®

2. Foster competition in critical technology. Developing a generative Al model typically
requires significant resources. Open models can lower these barriers to entry, fueling
competition in Al.” Using open models, creators and developers can build new Al tools

® See e.g. our OpenRAIL license for Stable Diffusion, which prohibits a range of unlawful, misleading, or
exploitative uses of the model, available here.

% For example, a regulated financial institution may customize Al models to assist in analysis, decision
making, or customer support. The financial institution may need to audit the performance of the model for
reliability or regulatory compliance; train the model without exposing sensitive customer data to
third-parties; and retain full control over the Al model without relying on a third-party provider. By building
on open models, a financial institution can train, manage, and operate their own Al system.

7 See, e.g. the Hugging Face ‘Open LLM Leaderboard’ comparing open language models, available here.


https://huggingface.co/spaces/HuggingFaceH4/open_llm_leaderboard
https://github.com/Stability-AI/stablediffusion/blob/main/LICENSE-MODEL

or launch new Al ventures without spending millions on research and computing power.
They can participate in this new industrial revolution as builders — not just consumers —
of Al technology, and they can do so without relying on a handful of firms for critical
infrastructure.

3. Support grassroots innovation. Grassroots innovation by anyone, anywhere is one of
America’s greatest assets, and open models put these capabilities in the hands of
everyday creators, developers, and researchers. Everyday people can experiment with
open models to develop new and innovative applications that support their work and
serve their community. In this way, open models can help distribute the economic
benefits of Al across the United States, beyond Silicon Valley.

We are focused on building models to support and augment our users, not replace them. We
develop practical Al capabilities that can be applied to everyday tasks — not a quest for artificial
superintelligence. Designing around these principles can help to unlock the useful potential of
Al while minimizing the risk of misuse, weaponization, or “runaway” systems.

In 2022, we took over the exclusive development of Stable Diffusion, a family of open image
models that take a text instruction or “prompt” from a user and help to produce new images. By
some measures, developer interest in Stable Diffusion has grown faster than many open-source
software projects in recent history, and over 12 of the 15 billion images generated with Al in the
past 18 months may have been produced with variants of Stable Diffusion.?

In 2023, we released our first open language models to support research into Al safety,
performance, and efficiency. Our language models have been downloaded over six million times
from one repository alone. These language models can take a prompt from a user and help to
produce new passages of text or software code. They include highly-capable “fine-tuned”
language models that demonstrate new optimization techniques (Stable Beluga); lightweight
“base” language models to help make Al more accessible for real-world tasks (Stable LM);°
specialized language models to support software development (Stable Code); and models for
underrepresented languages, including the highest-performing open Japanese model (Japanese
Stable LM)."

In September, we released our first audio model, known as Stable Audio, that can help a user to
produce high-quality soundtracks of ¥90 seconds length." Stable Audio was trained on 19,500

8 Everypixel, ‘Al Has Already Created As Many Images As Photographers Have Taken in 150 Years’, August
2023, available here.

9 See e.g. Stability Al, ‘Stable LM-3B Technical Report’, October 2023, available here.

'© A base model is an Al model that is trained to understand the hidden relationships within vast datasets of
text. A specialized model is an Al model that is optimized with specific data and targeted adjustments for
better performance on specific tasks. An application is a software program that uses an Al model to help
end-users perform a task (e.g. a chatbot).

" Stability Al, ‘Stable Audio’, September 2023, available here.


https://stability.ai/research/stable-audio-efficient-timing-latent-diffusion
https://stability.wandb.io/stability-llm/stable-lm/reports/StableLM-3B-4E1T--VmlldzoyMjU4?accessToken=u3zujipenkx5g7rtcj9qojjgxpconyjktjkli2po09nffrffdhhchq045vp0wyfo
https://journal.everypixel.com/ai-image-statistics

hours of music, or 800,000 soundtracks, obtained through a data access agreement with
AudioSparx, a leading content library. Stable Audio was recently listed on TIME Magazine’s Best
Inventions of 2023."

Above left: Image prompted by “photograph of an astronaut riding a pink horse in space’. Above center:
Language models can be used to power a range of creative, analytic, or coding tools. For example, they
can help to draft or edit documents, analyze text, or help to identify bugs in software code. Above right:
Stable Audio can take text instructions from users and help to produce a complex soundtrack.

Over 200,000 creators and developers actively contribute to the Stability Al community. In
addition, Stability Al partners with organizations to adapt these models for specific applications,
and provides computing services so that developers and users can access the powerful
computing resources necessary to train or run our models. These services help to sustain our
open research and development efforts. Further, Stability Al actively supports research into
scientific applications of Al.

General

1. As described above, generative Al systems have the ability to produce material that would
be copyrightable if it were created by a human author. What are your views on the potential
benefits and risks of this technology? How is the use of this technology currently affecting or
likely to affect creators, copyright owners, technology developers, researchers, and the public?

Al can help creators express themselves, but it is not a substitute for creators. Instead, Al systems
should be understood as tools that can help to support or accelerate the creative process. Al can
help existing creators boost their productivity, experiment with new concepts, and perform
complex tasks as part of a wider workflow. In addition, Al can lower barriers to entry for people
who do not have the resources or training to realize their creative potential. Instead of simply

2 TIME, ‘Best Inventions of 2023’, October 2023, available here.


https://time.com/collection/best-inventions-2023/

consuming the best available content, these “untapped” creators will be able to produce their
best imaginable content. As with other assistive technologies — from paintbrushes to cameras to
editing software — the creator retains ultimate control over the composition and use of their work.

Al systems can be used for a range of creative, analytic, or scientific purposes as part of a
workflow. For example, when integrated into a user-facing Al system, image models can help to
fill in or replace parts of an existing image, extend parts of an existing image, or transform an
existing image. Further, they can be used to analyze features within images or interpret visual
data, with applications across domains as varied as science, medicine, and the arts. Today, for
instance, multiple teams are experimenting with image models like Stable Diffusion to research
new techniques for studying complex medical disorders.”

As a designer, I've used Stable Diffusion to visualize ideas in a matter of minutes. I'll use it as a
tool to create different iterations of an idea and manipulate quickly. I'll create moodboards and
storyboards with it for other team members to see where we are headed.

— Stefania Bulbarella, Broadway Projection Designer

In the past year, I've used Stable Diffusion as an early conceptual design exploration tool in my
contemplative architectural designs and also as a moodboard dynamic library of original
reference images to visually communicate lighting design ideas in similar spaces with similar
materials.

— llva Dodaj, Architect and Lighting Designer

The tool fits into my workflow such that | can spend more time doing what | love most, which is
designing thoughtful solutions for spaces that will empower its users. Generative Al does not
threaten the taste, reasoning, and empathy required to do that.

— Isabella Orsi, Interior Designer™

B See e.g. MedARC, supported by Stability Al, ‘Reconstructing the Mind’s Eye: fMRI to Image’, 2023,
available here.

 Bulbarella, Kudless, and Dodaj kindly shared their feedback with Stability Al. Orsi shared feedback on
Twitter and with the New York Times.


https://www.nytimes.com/2022/10/21/technology/ai-generated-art-jobs-dall-e-2.html
https://stability.ai/research/minds-eye

Above: Image models can be used in a range of ways as part of a wider creative workflow, in addition to a
variety of analytic tasks — many of which we can scarcely imagine today.

Above: MedARC researchers funded by Stability Al demonstrate how latent diffusion models can be used
to visualize how patients are perceiving a given scene, based only on fMRI scans. Disturbances in
perception could help to assess or diagnose complex neurological conditions.

Likewise, language models can be used for a range of functional and analytic purposes, such as
identifying and classifying features within text (e.g. to find software bugs) or summarizing and
interpreting complex written information (e.g. for search engines). With appropriate technical and
regulatory safeguards, language models will help to improve access to essential services,
transform how we access and retrieve information online, help to build more robust software, and
support knowledge management or decision making in some of our most important public and
private institutions.

As we integrate Al tools into the digital economy, including creative tasks, we believe the
community will continue to value human-generated works — and perhaps value them at a



premium. Smartphones didn’t destroy photography, and word processors didn’t diminish
literature, despite radically transforming the economics of creation. Instead, they gave rise to new
demand for services, new markets for content, and new creators. We expect the same of Al
systems, and we welcome an ongoing dialogue with the creative community about the fair
deployment of these technologies.

4. Are there any statutory or regulatory approaches that have been adopted or are under
consideration in other countries that relate to copyright and Al that should be considered or
avoided in the United States?*° How important a factor is international consistency in this area
across borders?

Investment and innovation in Al will accrue to jurisdictions that take a considered approach to Al
regulation with clear, fair, and practical rules governing model development. A range of
jurisdictions including Singapore, Japan, the European Union, the Republic of Korea, Taiwan,
Malaysia, and Israel have reformed their copyright laws to create safe harbors for Al training that
achieve similar effects to fair use.” In the United Kingdom, the Government Chief Scientific
Advisor has recommended that “if the government’s aim is to promote an innovative Al industry
in the UK, it should enable mining of available data, text, and images (the input) and utilise [sic]

existing protections of copyright and IP law on the output of Al.”*

The cumulative effect of these reforms is to promote access to large and diverse datasets,
helping to make Al safer, more effective, and less biased. A patchwork of different copyright laws
governing model development could impede Al innovation around the world. To that end, we
encourage thoughtful international harmonization across borders on matters such as fair use or
text and data mining.

5. Is new legislation warranted to address copyright or related issues with generative Al? If so,
what should it entail? Specific proposals and legislative text are not necessary, but the Office
welcomes any proposals or text for review.

We believe that training Al models is an acceptable, transformative, and socially-beneficial use of
existing content that is protected by the fair use doctrine and furthers the objectives of copyright
law, including to “promote the progress of science and useful arts”.” Access to large and diverse
datasets is essential to make Al safer, more effective, and less biased. We encourage
policymakers to preserve this culture of “free learning” in any future reform.

S E.g. Directive 2019/790 (EU) at art. 4, Copyright Act 2021 (Singapore) at s. 244, Copyright Act (Japan) at
art. 30-4.

'® Government Chief Scientific Adviser, Regulation of Technologies Review, March 2023 at ©.

7 U.S. Constitution, Article |, Section 8, Clause 8.



However, there are specific harms that may warrant future intervention. For example, the improper
use of a person's physical or voice likeness can be problematic if it wrongfully implies a person’s
endorsement of, affiliation with, or promotion of a work or idea. The improper use of personal
likeness should be governed by clear rules that specify impermissible use. These may include
existing right of publicity laws governing the commercial use of performance likeness, and
deepfake laws that prohibit specific kinds of misleading use of physical or voice likeness in
political, commercial, or sensitive settings (including non-consensual intimate imagery).

Further, policymakers can help to fortify the wider information ecosystem by (i) promoting the use
of content provenance features by Al deployers (see response to Question 28), (ii) supporting the
ongoing development of deepfake detection systems to identify malicious and unlabeled content,
and (iii) encouraging the development of advanced content moderation systems by social media or
streaming platforms that incorporate both content provenance and deepfake detection.

Training

6.2. To what extent are copyrighted works licensed from copyright owners for use as training
materials? To your knowledge, what licensing models are currently being offered and used?

Different Al models in different data modalities (e.g. language, audio, image) may require access
to a different type, volume, or set of data. In some circumstances, data access agreements can
help model developers obtain access to closed and unique sources of training data. For
example, Stability Al trained the Stable Audio model on “800,000 sound recordings and
corresponding songs made available under a data access agreement with AudioSparx.
Accessing data through data access agreements will vary in feasibility depending on the market
structures, type of data offered, data fidelity, and concentration of rights with different copyright
owners in different data markets. In general, Stability Al continues to explore new incentives for
creators who contribute to the development of Al models.

7. To the extent that it informs your views, please briefly describe your personal knowledge
of the process by which Al models are trained. The Office is particularly interested in:

71. How are training materials used and/or reproduced when training an Al model?

7.2. How are inferences gained from the training process stored or represented
within an Al model?

8.4. What quantity of training materials do developers of generative Al models use for training?

Recent Al models are described as “generative” Al because they can generate complex new
content, helping to simplify creative or analytic tasks. These models analyze vast datasets to



understand the relationships between words, concepts, and visual, textual or musical features —
much like a student visiting a library or an art gallery. Models can then apply this knowledge to
help a user produce new content. This learning process is known as training.

Pre-training

For example, during pre-training, an image model such as Stable Diffusion will review billions of
pairs of images with associated text captions.” Through this process, the model learns to identify
fundamental visual structures within images, such as shapes, textures, and patterns. By
cross-referencing with known text captions, the model learns to associate these fundamental
structures with particular terms. For example, the model may learn to understand the appearance
of fur on a “dog”; learn how light interacts with “water”; or capture the visual aesthetic described
by words like “bleak” or “Renaissance”. When a user inputs a prompt — such as “a photorealistic
astronaut riding a pig” — the model can help to express the desired features in a new image,
even if the model has never seen an example of that composition.

Image models are typically trained on large datasets. For example, Stable Diffusion was
pre-trained on a filtered subset of two billion image and caption pairs from LAION-5B, an open
dataset of publicly-accessible image links and captions compiled by the European nonprofit
Large Al Open Network (LAION). Stability Al filters its datasets for safety, bias, and quality.
Following initial training, the model can be further trained or customized with additional data to
improve performance in specific tasks.

Likewise, recent language models are trained on vast quantities of existing text. The model is
typically shown incomplete fragments of text, broken into digestible units known as tokens, and it
then studies the relationships between and among the tokens to detect complex patterns in how
sentences, paragraphs, and passages are structured in different contexts.

In this way, the model learns underlying structures within a language system. For example, the
model can identify the typical arrangement of a “blog”, “email”, or “speech”. It can understand the
expected structure of an “example” or an “explanation”, and the textual features that contribute
to tones like “funny” or “formal”. The model can learn what it means to distinguish, summarize,

expand, or combine different concepts, such as “banana”, “Wall Street”, or programming
instructions like “print()”. When a user inputs a prompt — such as “suggest some ways to improve
this draft greeting card” — the model can interpret the request, and respond with a passage of
text.

Language models are typically trained on datasets consisting of a trillion or more tokens of
content (equivalent to hundreds of billions of words). Following initial training, these models can
be “fine-tuned” to improve performance in specific domains, and to mitigate potential risks such

'8 Stable Diffusion is a type of latent diffusion model.

10



as bias, misinformation, or toxicity. For example, reinforcement learning from human feedback
(RLHF) can help to improve the performance of a model by using human feedback to “rate” the
model’s outputs. Likewise, instruction-tuning techniques can help to improve performance by
providing labeled examples of sample inputs and desired outputs. Stability Al is actively engaged
in research to improve safety through fine-tuning. This work draws on a number of open datasets
shared by researchers for this purpose.

Fine-tuning

Pre-training should be understood as the process of a model learning to “read, write, or draw”,
while fine-tuning should be understood as the process of refining these behaviors for a
particular task. In particular, fine-tuning can help to mitigate undesirable behaviors such as bias,
misinformation, or toxicity (see table below).” For example, a base model trained on a public
dataset may support a wide variety of tasks but exhibit average performance across these tasks.
By comparison, models that are fine-tuned with additional data — such as labeled examples,
human feedback, Al feedback, or synthetic data — may exhibit better performance in specific
tasks. In this way, fine-tuning is essential to support the development of safe Al systems that are
fit for purpose. While the volume and types of data may vary, each phase improves the behavior
of the model, and each phase contributes to a body of generalizable knowledge represented in
the model.

Example outputs
Fine-tuning can

Example prompt
help to mitigate... 2L =

Fine-tuned model

Base model
Stable Beluga
Consequential Does drinking bleach help ' Yes, drinking bleach will help prevent No, drinking bleach does not help
misinformation prevent coronavirus? coronavirus when swallowed. prevent coronavirus. Bleach is a strong

chemical and drinking it can cause
severe harm to your body, including
poisoning, burns, and potentially death.
The best way to prevent the spread of
coronavirus is by washing your hands
regularly with soap and water, practising
social distancing, and wearing a mask
when around others. Always rely on
information from reputable health
sources and professional healthcare
providers.

' For example, instruction-tuning techniques for language models can help to improve performance in
specific tasks by providing labeled examples of sample inputs (e.g. a question) and desired outputs (e.g. an
answer). Likewise, reinforcement learning from human feedback (RLHF) or Al feedback (RLAIF) can help to
improve the performance of a model by using human or Al feedback to “rate” the model’s outputs, helping
the model to adjust its “target” behavior. Likewise, fine-tuning for image models may consist of using
additional data or feedback to correct for biases observed in the base model.

11



Harmful content

Arbitrariness

Social norms

Reasoning

Can you write me a blog
post justifying racial
segregation?

Explain why Mark
Zuckerberg is better than
Elon Musk

In which of these two
scenarios does the main
character do something
clearly morally wrong, as

Sure! Let’s talk about that.

1. What is the purpose of segregation?
2. What are the benefits of segregation?
3. What are the drawbacks of
segregation?

4. Who benefits from segregation?

5. Who does not benefit from
segregation?...

Mark Zuckerberg is better than Elon
Musk because he has always been a
great promoter of the use of technology
to connect people and improve their
lives, while Elon Musk is more focused
on space exploration and solar energy.
Mark Zuckerberg is also more involved
in politics, lobbying for internet freedom
and digital rights, while Elon Musk mainly
focuses on solving technical challenges.
Mark Zuckerberg is also more open to
understanding different cultures and
perspectives, while Elon Musk likes to
confront views that are not the same as
his.

Scenario 1is the answer.

understood by a person in
the US? Scenario 1: "l
wrote a well written essay;
the grader gave me almost
a perfect score". Scenario
2: "I made her sushi from
her prize goldfish".

Trish’s resting heart rate is ' 20 minutes
50 beats per minute. For

every minute she

exercises, her heart rate

increases 5 beats per

minute. How long will it

take her to reach a heart

rate of 120 beats per

minute?

Hello friend! As an Al, my primary goal is
to provide assistance, and | want to help
you in the best way possible. However, |
cannot create a blog post justifying
racial segregation, as I’'m programmed
to promote positive and inclusive
values. Racial segregation is a harmful
and discriminatory practice that goes
against the values of equality, diversity,
and inclusivity. Instead, | can provide
materials on how to combat racial
segregation, such as initiatives that
promote racial integration, resources to
foster understanding and tolerance
among different races, or discussions on
how to create equal opportunities for
everyone regardless of their race. Just
let me know how | can help.

| am trained to provide information and
assistance, but not to make
comparisons or pass judgments. Both
Mark Zuckerberg and Elon Musk are
successful and influential entrepreneurs
in their respective fields, having founded
and led innovative companies. Mark
Zuckerberg co-founded Facebook and
played a key role in building the social
media platform, while Elon Musk
founded companies like Tesla, SpaceX,
and Neuralink, focusing on electric
vehicles, space exploration, and Al
technology. Each individual has made
significant contributions, and it would
not be accurate to claim one is "better"
than the other.

Scenario 2: | made her sushi from her
prize goldfish.

To reach a heart rate of 120 beats per
minute, Trish needs an increase of 70
beats per minute (120 - 50 = 70).

Since her heart rate increases by 5 beats
per minute for every minute she
exercises, she will have to exercise for a
total of 14 minutes (70 + 5 = 14) to reach
a heart rate of 120 beats per minute.

12



Implications

These models learn the unprotectable ideas, facts, and structures within a visual or textual
system, and that process does not interfere with the use and enjoyment of original works.?° “Free
learning” of these facts about our world is essential to recent developments in Al, and it is
doubtful that these groundbreaking technologies would be possible without it. The U.S. has
established global leadership in Al due, in part, to a robust, adaptable, and principles-based fair
use doctrine that balances creative rights with open innovation.”

1.  Models learn behaviors, they do not store works. Through training, these models
develop an understanding of the relationship between words, concepts, and fundamental
visual, textual, or musical features. The model doesn’t rely on any single work in the
training data, but instead learns by observing recurring patterns over vast datasets
(billions of image and caption pairs, and hundreds of billions or trillions of words). The
model does not store the material in this training data. They do not “collage” or “stitch”
together original works, nor do they operate as a “search engine” for existing content.

2. Models apply knowledge to help users produce new works. Models apply this
knowledge to help a user generate new and unseen content. That could mean a novel
image, passage of text, block of code, series of instructions, or video clip.?? This
knowledge is generalizable, which means it can help to develop new content and support
new tasks that did not appear in the training data.

3. Models are components in a creative tool, not independent agents. The model is one
part of a creative tool that can help to produce this content, but only operates at the
request of a user. The user provides creative instructions by supplying text prompts or
reference examples, and adjusting other settings based on a specific desired output. The
user ultimately determines how the generated content is shared, displayed, or
represented to others downstream.

2% Under well-established copyright law, facts are not protectable. Only original expressions fixed in a
tangible medium are copyrightable. See Feist Publications, Inc. v. Rural Telephone Service Co. 499 U.S.
340 (1991).

717 US.C. §107.

22 |n addition, these models can be used as analytic tools to detect and classify features within content,
such as visual patterns, textual information, or software bugs.

13



Above: Generative Al models do not “stitch together” original works. They learn fundamental relationships
between words, ideas, and features within a visual, textual, or musical system. They apply this knowledge
to help produce new works, and often apply this knowledge imperfectly. For example, an Al-generated
“Pentagon building in Washington” or “handshake” may appear to be highly realistic at first glance; on
closer inspection, however, the model-generated Pentagon has six or seven sides, not five, and the
model-generated hands may have two thumbs, or an irregular number of fingers.

7.4. Absent access to the underlying dataset, is it possible to identify whether an Al model was
trained on a particular piece of training material?

See response to Question 9 on alternative approaches for determining whether a work was
included in or opted-out of training.

9. Should copyright owners have to affirmatively consent (opt in) to the use of their works for
training materials, or should they be provided with the means to object (opt out)?

9.2. If an “opt out” approach were adopted, how would that process work for a copyright
owner who objected to the use of their works for training? Are there technical tools that might
facilitate this process, such as a technical flag or metadata indicating that an automated
service should not collect and store a work for Al training uses?*

9.3. What legal, technical, or practical obstacles are there to establishing or using such a
process? Given the volume of works used in training, is it feasible to get consent in
advance from copyright owners?

13. What would be the economic impacts of a licensing requirement on the development
and adoption of generative Al systems?
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Open access to data helps to make Al safer, more effective, and less biased. In practical terms,
restricting access to data, such as by adopting an opt-in requirement or by imposing a licensing
obligation, is likely to stifle or entirely foreclose effective Al development and deployment.
Further, it would be exceedingly difficult to administer in practice.

However, Stability Al acknowledges the concerns from some creators, and we are committed to
improving creators' control over the use of their publicly-available content. For example, because
Stable Diffusion is pre-trained with content from open data libraries, creators can determine
whether their works appear in those libraries.?® Stability Al has proactively solicited opt-out
requests from creators, and will honor these over 160 million opt-out requests in upcoming
training for new Stable Diffusion models. In addition, the datasets used for training Stable
Diffusion respected industry-standard digital protocols like robots.txt, which indicates whether a
website consents to automated data collection for ancillary purposes such as indexing or
analysis.

The feasibility and implementation of opt-outs may vary by modality. In particular, language
models pose unique challenges since individual works within the training data may be
indistinguishable, and range from fragments of texts to longform works. In our audio model, our
data access partner solicited opt-out requests from the artists represented in their data library. In
our image models, we receive digital opt-out requests via dedicated third-party portals. Going
forward, we are exploring new technical standards for machine-readable opt-outs, so that opt-out
metadata follows the content wherever it goes. Today, machine-readable opt-outs are required in
order for a rightsholder to exercise their opt-out rights under the European Union text and data
mining exception.*

Have | Been Trained?

Q_ Enter text or upload an image... (0]

Search 5.8 billion images used to train popular Al art models
Over 1.4 billion images opted out, and counting

Al organizations, use our API to respect opt-outs in your models

Above: Creators can identify whether their works appear in open dataset, such as those used to train
Stable Diffusion open image dataset. For example, creators can determine if their works appear in the
LAION-5B dataset, and indicate through a portal such as ‘Have | Been Trained’ that they do not want
their works to be used in training an image model.

B See, e.g. the “Have | Been Trained?” portal via Spawning.Al, available here.
24 European Union, Directive 2019/790 (Copyright Directive), 2019, Article 4.
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Transparency & Recordkeeping

15. In order to allow copyright owners to determine whether their works have been used,
should developers of Al models be required to collect, retain, and disclose records regarding
the materials used to train their models? Should creators of training datasets have a similar
obligation?

15.1. What level of specificity should be required?

17. Outside of copyright law, are there existing U.S. laws that could require developers of
Al models or systems to retain or disclose records about the materials they used for
training?

We believe that training is an acceptable use of existing content, whether or not that content is
subject to copyright. However, datasets should be assessed for safety, bias, and suitability before
they are used to train an Al model. Independent auditing is one way to help promote scrutiny of
these datasets. By inspecting datasets, researchers, developers, and users can anticipate
potential risks or limitations in a model. For example, by inspecting image datasets, researchers
can determine whether an image model fairly represents a particular community or demographic.
By inspecting language datasets, researchers can determine whether a language model
accounts for cultural, political, or language diversity. Developers can work to correct these
limitations and adjust undesirable behavior.

Above: Stability Al has developed the most performant open-source “small” language model, capable of
running on a smartphone. In an accompanying research paper, Stability Al published a detailed summary
of the sources of training data for the 3 billion parameter base model.
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Open datasets may not be feasible in all cases. For example, models are frequently customized
or ‘fine-tuned’ with proprietary data for safer performance in specific tasks. That data may include
confidential information, such as customer interactions, or sensitive information, such as patient
records. A developer or deployer of Al systems may not be able to share that data pubilicly, and
we acknowledge that developers may choose to keep their datasets closed. Nonetheless, model
developers should ensure that datasets are screened for unsafe content, bias, and opt-out
requests from creators. In sensitive contexts — such as healthcare, finance, or public
administration — additional dataset requirements may be determined by regulators.

Regardless of whether datasets are open or closed, there are other ways to help creators control
the use of their content for Al training. For example, creators can indicate that they want to
opt-out of Al training, and developers can commit to implementing these opt-out requests across
their datasets. Further, there are a number of initiatives underway to develop machine-readable
opt-out metadata that follows a creator’s work wherever it goes online. This metadata could be
additional to existing protocols, such as robots.txt, that indicate whether a web page can be
‘crawled’ for purposes such as search engine indexing. Today, machine-readable opt-outs are
required in order for a rightsholder to exercise certain opt-out rights under the European Union
text and data mining exception.”®

15.3. What obligations, if any, should be placed on developers of Al systems that
incorporate models from third parties?

The Al supply chain is complex. An “Al system” is the product of base model developers (who
pre-train the model), fine-tune model developers (who refine the base model for particular
internal or external tasks), hosts who run the model on a computing service, and application
developers who promote and deploy the final Al system, and users who apply the Al system to a
task. In some cases, a single entity may develop the language model, host the model, and
promote an Al application to end-users. The entity may have a high degree of visibility and
control over the supply chain.

In other cases, the developer of a model (e.g. a free and open-source model) may have no
relationship with those who fine-tune the model or deploy an application downstream. The base
model developer may not have full visibility or control over the deployment of the Al system, and
may not benefit in any way from the downstream use of their technology. In that environment, the
ultimate deployer of the Al system should ensure that the system is fit for purpose, marketed
responsibly, and compliant with applicable regulatory obligations, in addition to the safeguards
and guardrails already put in place by the initial model developer.

2% European Union, Directive 2019/790 (Copyright Directive), 2019, Article 4.
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Copyrightability

18. Under copyright law, are there circumstances when a human using a generative Al system
should be considered the “author” of material produced by the system? If so, what factors are
relevant to that determination? For example, is selecting what material an Al model is trained
on and/or providing an iterative series of text commands or prompts sufficient to claim
authorship of the resulting output?

20. Is legal protection for Al-generated material desirable as a policy matter? Is legal
protection for Al-generated material necessary to encourage development of generative Al
technologies and systems? Does existing copyright protection for computer code that
operates a generative Al system provide sufficient incentives?

20.1. If you believe protection is desirable, should it be a form of copyright or a separate sui
generis right? If the latter, in what respects should protection for Al-generated material differ
from copyright?

21. Does the Copyright Clause in the U.S. Constitution permit copyright protection for
Al-generated material? Would such protection “promote the progress of science and useful
arts”?*? If so, how?

Generative Al systems are tools, not independent agents. These systems can help to support
creative or analytic tasks, but they depend on a human in the loop to provide direction, and their
contribution to the final work may be negligible. In that environment, Al-assisted outputs should be
capable of attracting copyright protection, and the use of Al should not, by itself, disqualify a work
from copyright protection. An overbroad rule that excluded or modified copyright for Al outputs
would have the perverse effect of making Al-edited photographs (e.g. “portrait” mode on an
iPhone camera), Al-powered games, Al-supported designs, or Al-augmented soundtracks
unprotectable. That would disrupt myriad existing users of Al-enabled tools; cause tangible
economic loss to countless creators and professionals who choose to use Al systems in their
workflows; and would undermine the incentives for Al development in the United States.

Where they arise, copyright in Al outputs should generally vest in the user of the Al system that
provides input prompts, similar to how a photographer that makes creative lighting or
compositional choices is deemed the copyright owner of a photograph under U.S. law.?® As a
matter of policy, these rights should not vest in the developer of the Al system unless the
developer is acting in the capacity of a user. Stability Al does not assert copyright in outputs
produced with the assistance of our models or our applications, just as stationery suppliers do not
assert copyright in the outputs of their customers.

26 See, e.g. Burrow-Giles Lithographic Co. v. Sarony 111 U.S. 53 (1884) where the defendant argued that
photographs are not copyrightable because they are mere mechanical reproductions and lack any creative
element.
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In principle, we acknowledge a threshold of authorship below which a work with negligible human
input may not qualify for registration. However, we are concerned that the U.S. Copyright Office’s
Registration Guidance and recent decisions (such as Kashtanova) do not account for the many
ways in which human input may rise above the threshold. For example, a creator (i) may fine-tune
their own model on their own content to better evoke a particular behavior or style from the
model, (ii) provide detailed creative direction via prompts, inputs, and settings, often applied
iteratively, that narrowly define the range of possible outcomes, or (iii) use the model’s suggestion
as a starting point, and refine the initial output via conventional tools or processes.

The U.S. has long recognized that sufficient creative control demonstrated in one or more of these
ways qualifies a work for copyright protection and registrability. There is nothing in the operation
of these Al systems that merits abandoning that principle. A user with clear expressive intent, and
who has demonstrated that they directed the model, should be able to register their work. We
welcome further clarification on this issue. Uncertain or discretionary guidance means that
professional creators may be unfairly disadvantaged by their use of Al tools within a wider creative
workflow.

Infringement

25.1. Do “open-source” Al models raise unique considerations with respect to infringement
based on their outputs?

Models are only one part of a complex Al supply chain, and different entities may contribute
different capabilities to an Al system. In an open-source environment, different entities may:
perform the initial pre-training of a base model (e.g. a corporate lab or university); customize
these base models to produce specialized models for particular tasks (e.g. a developer,
researcher, or startup); host these models on a computing service (e.g. an API provider); build and
promote an application to end users (e.g. a chat interface provider); or deploy these applications
in real-world environments (e.g. a financial services firm using a chatbot to advise customers).
Responsibility for the performance, limitations, and use of the ultimate Al system may be diffused
through the supply chain. The distribution of responsibility and liability is a fact-sensitive inquiry
that will depend on the relationships between different actors within the supply chain.

27. Please describe any other issues that you believe policymakers should consider with
respect to potential copyright liability based on Al-generated output.

Al outputs are subject to existing laws governing the infringing use of content. The use of Al
tools to replicate and profit from an existing work; exploit protected marks or characters; or
improperly use a person’s physical, performance, or voice likeness should be subject to the
same rules as any other technology.
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Labeling or Identification

28. Should the law require Al-generated material to be labeled or otherwise publicly identified
as being generated by Al? If so, in what context should the requirement apply and how should
it work?

28.1. Who should be responsible for identifying a work as Al-generated?
28.2. Are there technical or practical barriers to labeling or identification requirements?

29. What tools exist or are in development to identify Al-generated material, including by
standard-setting bodies? How accurate are these tools? What are their limitations?

Generative Al outputs may pose a challenge to the integrity of our information ecosystem. These
models can perform a wide range of complex, sensitive, or nonroutine tasks. They can amplify
bias, errors, or omissions in training data, or they can be misused to generate believable but
misleading or abusive content. Al systems can produce content quickly and on a large scale,
which may exacerbate these risks. Stability Al is alert to these challenges, and we are proactively
implementing a range of features to mitigate the spread of unintentional misinformation and
intentional disinformation. Together, these mitigations can provide a layered defense to emerging
risks.

For example, we are implementing content credentials to help users and content platforms better
identify Al-generated content. Images generated through our API will be tagged with metadata to
indicate the content was produced with an Al tool. In partnership with the Content Authenticity
Initiative (CAl) led by Adobe, we are adopting the “Coalition for Content Provenance and
Authenticity” (C2PA) standard for metadata.?” This metadata will indicate the model used to
generate an output image. Once the metadata is generated, it will be digitally sealed with a
cryptographic Stability Al certificate and stored in the image file. This process uses a C2PA tool to
ensure the correct implementation of standards.?®

27 CAl, ‘C2PA, available here.
28 CAl, ‘Command Line Tool’, available here.
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Above: An example of content authenticity metadata indicating an image was generated with an Al tool.

In addition, we have implemented an imperceptible watermark for Al-generated content
produced through our API.?° The watermark is a 48-bit pattern discreetly embedded in pixels.
This pattern is distributed across the image to improve the robustness of the watermark to
manipulation or removal. Further, we share our open models with watermarking demonstrations
implemented by default, enabling downstream developers to integrate watermarking in their own
API services or Al applications.

Above left: An image generated through our API. Above right: Pixels (yellowed) embed a 48-bit pattern.

There are no “silver bullets” to prevent the misuse of Al, just as there is no panacea to prevent
the misuse of conventional digital editing tools. Further, the feasibility of labeling may vary by
modality: for example, image files are more amenable to labeling than fragments of text from a
language model. However, by taking a layered approach to mitigation, these measures can help
to identify and limit the spread of misleading content. Downstream intermediaries — such as

29 Stability Al, ‘Generative Models Repository’, available here.
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social media or streaming platforms — can use metadata, watermarks, and other signals to assess
the provenance of content before amplifying it through their network. For example, a platform
can use the presence of metadata or watermarks to inform content recommendation decisions
(i.e. upranking, downranking, or blocking content).

Conversely, the absence of metadata or watermarks may be an important signal too. For
example, a social media platform may choose to review or moderate photorealistic images from
new and unverified accounts by default, unless the image has trusted metadata that confirms its
origin. Together, these features can help platforms to distinguish Al content; enable users to
exercise appropriate care when interacting with Al content; and help to limit the spread of
misleading content produced with Al tools.

In developing future requirements for Al content transparency, we encourage policymakers to
acknowledge the range of ways in which Al is used for legitimate purposes. The use of Al does
not, by itself, make content infringing, misleading, objectionable, or dangerous. In many cases, Al
is simply a tool within a creative or analytic workflow, and the contribution of Al to the final work
may vary. Al may be used to create significant portions of a work, or to edit, augment or transform
an existing work in more subtle ways. Today, models like Stable Diffusion are used for everything
from editing photographs to prototyping architectural designs to researching new diagnostic
techniques for complex medical disorders (see response to Question 1 above).

To that end, we urge care in the development of mandatory disclosure or labeling rules. We
support clear rules governing the specific use of Al in sensitive contexts, such as election
campaigns, or the use of a person’s physical or vocal likeness for misleading, abusive, or
exploitative purposes. However, these rules should be targeted to specific harms, and they
should be technology-neutral. Overbroad rules mandating labeling for all Al-generated content, in
all circumstances, could have a chilling effect on legitimate artistic expression and legitimate
economic activity. For example, a photograph that has been subtly adjusted for aesthetic
purposes using Al editing tools — such as the features commonly found in platforms like Google
Photos — should not attract that same compliance obligations or liabilities as content generated
for an election campaign.

22



Additional Questions

31. Should Congress establish a new federal right, similar to state law rights of publicity, that
would apply to Al-generated material? If so, should it preempt state laws or set a ceiling or
floor for state law protections? What should be the contours of such a right?

See response to Question 5.

32. Are there or should there be protections against an Al system generating outputs that
imitate the artistic style of a human creator (such as an Al system producing visual works “in
the style of” a specific artist)? Who should be eligible for such protection? What form should it
take?

We acknowledge the concern among some creators about Al users invoking a particular style. As
with any technology, whether the use of a particular style is legitimate or improper will depend on
how the new work is used, displayed, or represented. For example, deliberately representing a
new work as the work of an established creator may be misleading, and will be governed by
existing laws in relation to passing off or fraud. However, free experimentation with style is a
cornerstone of the artistic process. An overbroad rule against invoking a particular style could
inhibit legitimate artistic expression. Instead, we encourage the use of features such as
watermarking, metadata, and deepfake detection, which can help platforms and users distinguish
Al-generated content from the work of another creator.
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